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Abstract

Estimation of design floods is typically required for hydrologic design purpose. Design floods are routinely estimated for water
resources planning, safety and risk of the existing water-related structures. However, the hydrologic data, especially streamflow data for
the design purposes in South Korea are still very limited, and additionally the length of streamflow data is relatively short compared to
the rainfall data. Therefore, this study collected a large number design flood data and watershed characteristics (e.g. area, slope and
altitude) from the national river database. We further explored to formulate a scaling approach for the estimation of design flood, which
is a function of the watershed characteristics. Then, this study adopted a Hierarchical Bayesian model for evaluating both parameters
and their uncertainties in the regionalization approach, which models the hydrologic response of ungauged basins using regression
relationships between watershed structure and model. The proposed modeling framework was validated through ungauged watersheds.
The proposed approach have better performance in terms of correlation coefficient than the existing approach which is solely based on
area as a predictor. Moreover, the proposed approach can provide uncertainty associated with the model parameters to better characterize
design floods at ungauged watersheds.
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Table 1. Estimated a set of parameters of the existing approach for different return periods and watersheds

X Parameter X Parameter
Watershed | Return period R Return period R
c m c m
10 18.7136 -0.2292 0.740 80 27.9256 -0.1955 0.660
. 20 21.3733 -0.1951 0.647 100 29.0791 -0.1947 0.664
Han river
30 22.7824 -0.1906 0.628 150 28.6774 -0.1928 0.694
50 25.5468 -0.1948 0.661 200 30.6750 -0.1863 0.659
10 17.7659 -0.2217 0.679 80 25.0423 -0.2215 0.706
20 18.5538 -0.2135 0.710 100 26.1482 -0.2224 0.715
Nakdong river
30 20.4838 -0.2133 0.665 150 27.5672 -0.2037 0.674
50 22.9359 -0.2225 0.691 200 29.2981 -0.2263 0.732
10 16.8895 -0.2196 0.638 80 24.4614 -0.2061 0.663
. 20 19.5077 -0.2221 0.703 100 25.5238 -0.2039 0.654
Yeongsan river
30 19.5121 -0.1954 0.613 150 31.6135 -0.2368 0.715
50 22.0606 -0.2002 0.638 200 29.1514 -0.2090 0.716
10 14.6580 -0.2936 0.656 80 24.4148 -0.2153 0.769
. 20 19.2347 -0.2203 0.793 100 25.5564 -0.2160 0.777
Geum river
30 19.8591 -0.2111 0.753 150 25.8658 -0.2575 0.941
50 22.2466 -0.2149 0.766 200 29.4292 -0.2191 0.792
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Fig. 2. A map showing Korea peninsula. Shaded area indicates four
major watersheds
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3.2 Bayesian 7|'H 2 &85t S5 2|95t 2MZ0} Table 2. Credible interval of model parameters derived from posterior
321 OipHes 2 U SEUY Az distributions
H A Lo A= A9 A A 7|71 b= AA 1S4k} 7] Watershed | Parameter | Mean 2.5% 50% | 97.5%
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Nakdong River
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Fig. 3. Posterior distributions of model parameters at four major watersheds
, Han River Return Period , Nakdong River Return Period
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Fig. 4. Regionalization results by Bayesian GLM analysis at four major watersheds
Table 3. Regionalized design rainfall equations to estimate specific discharge for the ungauged watersheds
Watershed Equation
Han river Q. e = exp(log(exp(exp(—2(—0.6145— 0.0008log(.5)+1.2122(1 — (1/ 7))))))— 0.2129l0g(4))
Nakdong river Q. e = exp(log(exp(exp(—2(—0.5968 — 0.0023log(.5)+0.8258(1 — (1/ 7))))))— 0.2314log(4))
Yeongsan river Qe = exp(log(exp(exp(—2(—0.6015— 0.0015log(.5)+1.1698(1 — (1/ 7))))))— 0.2270log(4))
Geum river Q. e = exp(log(exp(exp(—2(—0.6156 — 0.0031log(.5)+1.3456(1 — (1/ 7))))))— 0.2692log(A))
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Table 4. Comparison of model performance between the proposed
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model and existing approach with coefficient of correlation

R R
Return Return
Watershed . Bayesian ; Bayesian
eriod | [j eriod | T
p Linear GLM p Linear GLM
10 0.740 | 0.957 80 | 0.660 | 0.944
Han 20 0.647 | 0.943 100 | 0.664 | 0.943
river 30 0.628 | 0.939 150 | 0.694 | 0.946
50 0.661 0.944 200 | 0.659 | 0.940
10 0.679 | 0.944 80 | 0.706 | 0.948
Nakdong | 20 0.710 | 0.945 100 | 0.715 | 0.949
river 30 0.665 | 0.942 150 | 0.674 | 0.939
50 0.691 0.946 200 | 0.732 | 0.952
10 0.638 | 0.941 80 | 0.663 | 0.934
Yeongsan | 20 0.703 | 0.947 100 | 0.654 | 0.932
river 30 0.613 | 0.926 150 | 0.715 | 0.948
50 0.638 | 0.929 200 | 0.716 | 0.943
10 0.656 | 0.961 80 | 0.769 | 0.944
Geum 20 0.793 | 0.953 100 | 0.777 | 0.945
river 30 0.753 | 0.941 150 | 0.941 0.985
50 0.766 | 0.944 200 | 0.792 | 0.946
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Fig. 7. Cross-validatory analysis of the proposed approach for four major watersheds
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Table 5. A comparison through statistical assessment between design flood and predicted discharge
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Watershed Han river Nakdong river Yeongsan river Geum river
R 0.953 0.955 0.953 0.912
IoA 0.971 0.963 0.971 0.950
RMSE 1.045 0.835 1.045 0.865
Median (Obs.) 21.206 12.765 21.206 13.563
Median (Pre.) 20.830 12.818 20.830 13.301
SD (Obs.) 3.322 2.518 3.322 2.025
SD (Pre.) 3.108 1.986 3.108 2.021
Cv (Obs.) 0.157 0.197 0.157 0.149
Cv (Pre.) 0.149 0.155 0.149 0.152
UERATE A A4 (Index of Agreement, IoAY= BT & 1) 2 A A WA 1,000 km? 0512] 7|55 A7
AtAtee] At S R W Al o] SR SAIR S W T F ARE Z-8sto] A7l whE F o A-H]E
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Fobe SRt M gl AAAJN ABEAVE T 2) A AASTFT AR A H5 24 s st=d A
Ao r EA5to] Hl s A, n|AS 79 3 A9t ©] Bayesian GLM 7|"§ 2] I= ] 0 2 78] H]-Z2H(H<
RYoriy 24 TrF2 7 IrHE AT H T w2 A, F D AR 71 Bk o7 ERt A o]
e Holal o, A, XA B AELL 7FsstR e, RPN 574 Ele ARl Higt =2
A} 50| BN ABRRE 953 RobsT S Uehie 248 Adg AYA 0 2 WSk
UL ek O B LR BN RS LY AL Arel e 29889 294 dng
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Zhech & % 9k, 4) 599 YRS BAZ G0 2 7PYste] WAHZ B
o AltE 2P ] At B7ISHAT. & @7l A
te B o] Ayt 7| &0 AT w3 0.9 o139
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